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Abstract—Understanding the variability of soil moisture con-
tent (SMC) is important for studying ecohydrological processes
because it provides insights into surface water and energy bal-
ances. To comprehend the dynamics of SMC under different land
use/cover types in tropical environments, this study proposes
an apparent thermal inertia (ATI) approach with the Moderate
Resolution Imaging Spectroradiometer (MODIS) imagery for
estimating root zone SMC. Root zone SMC at depths of 10 cm,
100 cm, and 200 cm were estimated for seven sites over a northern
Thailand catchment from 2005 to 2008, and compared with in situ
observations. Pearson correlation coefficient and the Nash-Sut-
cliffe efficiency coefficient between the ATI-MODIS retrieved
SMC and the measurements were respectively 0.80, 0.84, and
0.84, and 0.57, 0.537, and 0.492 for the 10 cm, 100 cm, and 200
cm depths. Root Mean Square Errors were 0.055, 0.025 and 0.029

for the three respective depths. Potential issues of
the mixed land cover types within the 1 km MODIS pixel were
examined; the mixed agricultural land cover types at two of the
seven sites with agricultural activities such as irrigation water use
might have affected the SMC estimation. Overall, the ATI-MODIS
approach performed well, particularly for the 100 cm depth.

Index Terms—MODIS, soil moisture content, thermal inertia,
tropical forest.

I. INTRODUCTION

S OIL moisture dominates the exchange of energy and water
between land and atmosphere. Over land, approximately

58% of net radiation is used to drive evaporation and transpi-
ration from water bodies, moist soils, and plants [1]. For the
process of transpiration, vegetation plays an essential role in
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removing water from soils and returning it to the atmosphere.
Many studies have shown that soil moisture content (SMC)
has a strong relationship with precipitation variability [2]–[5].
During rainy seasons, precipitation can help to maintain a high
SMC, while during non-rainy seasons, root zone SMC critically
influences evapotranspiration and heat flux allocation, which
dominate the water and energy budgets over large watersheds,
thereby influencing water resource management [6][7]. Root
zone SMC is also an important rainfall-runoff connection in hill-
slope hydrological processes [8][9], and its spatial and temporal
variability within a watershed is mainly controlled by vegetation
cover, topography and landscape position [10].
SMC is measured at some weather stations and meteoro-

logical towers where precipitation or flux data are collected.
In hydrological research catchments, researchers commonly
install sensors to trace water movement, including rain gauges
to measure precipitation, water level sensors to measure
outflow, and Time Domain Reflectometry (TDR) sensors to
measure soil moisture [11]. Point measurements, such as these,
are generally inadequate to characterize the high spatial and
temporal variability of SMC. With the advances in remote
sensing techniques, estimating SMC over large areas has be-
come a feasible means of filling this gap. To further the goal
of improving remote-sensing-based SMC estimates, several
coordinated field campaigns have been conducted, including
REBEX (Radiobrightness Energy Balance Experiment) [12],
Washita’92 [13], SGP97 (Southern Great Plains 1997) [14],
SGP99 [15], SMEX02 (Soil Moisture Experiment 2002) [16],
SMEX04 [17], CEOP (Coordinated Enhanced Observing Pe-
riod) [18], CEOP Enhanced Observing Periods 3 and 4 (EOP-3
and EOP-4), NAFE’05 (National Airborne Field Experiment
2005) [19], NAFE’06 [20], and so on. Some studies have
estimated SMC using visible and infrared images with energy
balance approaches or based on the correlation between sur-
face temperature and the Normalized Difference Vegetation
Index [21]–[24]. Prior work has also employed passive/active
microwave remote sensing to estimate SMC directly [25]–[29].
However, restricted by spatial resolution and electromagnetic
penetration depth, the substantial body of work has mostly
focused on low-density canopies and agriculture areas of
semi-arid and arid regions.
To retrieve SMC under forests, studies have used radar im-

agery from the European Remote Sensing Satellites (i.e., ERS-1
and ERS-2) [30][31]. Although some scientists are concerned
about the ability of visible and thermal sensors to detect soil
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moisture under dense forest canopies, Verstraeten et al. [32]
have successfully estimated root zone SMC of the European
forests from METEOSAT imagery by combining the apparent
thermal inertia (ATI) approach and the soil moisture satura-
tion index (SMSI). Compared with the ground truth observa-
tions from the EUROFLUX soil moisture field measurements,
their results performed better than those derived from the ERS
Scatterometer. Additionally, unlike the studies using energy bal-
ance approaches that would require many local meteorological
conditions, such as wind speed, air temperature, and humidity,
from the ground stations, the ATI approach is based on variables
derived directly from remotely sensed data and would require
fewer ground information.
While progress has been made in using radar and thermal im-

ages in SMC estimation, most prior work has focused on boreal
and temperate forest ecosystems [33][34], and scant attention
has been given to tropical forests. This may be due in part to the
diverse vegetation and the problems associated with persistent
cloud cover [35]. Estimating root zone SMC in tropical coun-
tries, especially inmountainous areas, is challenging because to-
pography and rapid land use/cover change have resulted in frag-
mented landscape patches [36], increasing the spatial and tem-
poral variability of the SMC [37]. However, understanding root
zone SMC in tropical forests, including those in mountainous
regions, is needed to provide insights into the potential impact
of land use/cover change on hydrological processes.
To fill in the gap in root zone SMC estimation in tropical

forests and to improve understanding of the dynamics of SMC
under different land use/cover types in tropical mountainous en-
vironments, equipment was installed in 2004 to measure pre-
cipitation and SMC of three depths at 10 cm, 100 cm and 200
cm in the Mae Sa catchment in northern Thailand. These in situ
SMCmeasurements allow us to evaluate the ATI root zone SMC
retrieval algorithm [32]. Data from the Moderate Resolution
Imaging Spectroradiometer (MODIS) on NASA’s Terra satel-
lite were selected for this analysis because MODIS provides
both day-time and night-time thermal images and daily surface
albedo, allowing the retrieval of SMC with the ATI approach.
We estimate root zone SMC at depths of 10 cm, 100 cm and 200
cm, for the period 2005 to 2008 at the Mae Sa experimental sites
with methods modified from the ATI algorithm in Verstraeten et
al. [32] in conjunction with Terra MODIS images (hereafter re-
ferred to as the ATI-MODIS approach). The aims of this study
include: (1) estimating root zone SMC in tropical forests using
the proposed ATI-MODIS approach; (2) evaluating the perfor-
mance of the ATI-MODIS approach for SMC estimations at the
three root zone depths of interest; and (3) examining the possible
factors responsible for the SMC variations at the three root zone
depths over different land use/cover types.

II. METHODOLOGY

A. The ATI-MODIS Approach

The soil moisture retrieval algorithm of the proposed ATI-
MODIS approach is based on the concept of thermal inertia,
which is a measure of the resistance of a material to change
in temperature and is determined by the thermal conductivity
and specific heat of the material. Because water has a high spe-

cific heat, water bodies have a higher thermal inertia and show a
lower diurnal temperature fluctuation than dry soils. Likewise,
when thewater content in the soils increases, thermal inertia also
proportionally increases, resulting in a reduction of the diurnal
temperature fluctuation range of the soils [32]. Thermal inertia

is defined as:

(1)

where K is the thermal conductivity, is the density and is
the specific heat at constant pressure.
Thermal inertial offers a possible approach for using remote

sensing to estimate soil moisture. However, the variables in (1)
cannot be derived directly from remotely sensed data. Previous
studies have, therefore, used the diffusion equation and a
boundary condition to simplify the thermal inertia computation
to allow the use of remotely sensed data. For example, a Radio-
brightness Thermal Inertia forward model has been presented
to apply passive microwave remote sensing data, including
the Scanning Multichannel Microwave Radiometer (SMMR)
and the Special Sensor Microwave/Imager (SSM/I), to monitor
soil moisture over the Great Plains in the USA [38]. Thermal
inertia algorithms have been applied for mapping arid and
semi-arid ground surface and showing the temporal variability
of soil moisture over plains in different countries using the
Advanced Very High Resolution Radiometer (AVHRR) images
and MODIS data [39]–[42]. The ATI has also been employed to
replace the parameters in (1) because it can be derived directly
from multi-spectral remote sensing data [43]. Following such
approach, the ATI per pixel retrieved from remotely sensed
images is the ratio of shortwave radiation absorptivity to the
diurnal temperature variation :

(2)

where is the broadband albedo and is the diurnal land
surface temperature difference between the day-time and night-
time radiometric temperatures of the Terra MODIS.
According to Liang [44], the total visible albedo is indepen-

dent from solar zenith angle and atmospheric visibility. There-
fore, the total visible albedo acquired from the Terra MODIS
calculated in Liang [44] is regarded as the broadband albedo
in this study. The equation is written as follows:

(3)

where , and are the reflectances of MODIS band1,
band3 and band4, respectively.
Because ATI is derived from remote sensing imagery directly,

its values represent the combination of canopy and soil moisture
variability. The higher the ATI value, the higher the moisture
content of the surface. The rationale to employ ATI to derive
soil moisture is that high ATI values correspond to maximum
SMC while low ATI values correspond to minimum SMC [32].
FollowingVerstraeten et al. [32], the surfacemoisture saturation
index is next used to normalize the ATI values for
analysis.

(4)
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where is the ATI at time t; and repre-
sent respectively the highest and the lowest ATI values retrieved
from the ATI time series.
Verstraeten et al. [32] present the water dynamics of the soil

profile using a simple two-layer water budget: the first layer
being the remotely sensed surface layer and the second layer
being the root zone layer. By assuming that the vertical move-
ment of water is proportional to the difference in soil moisture
content between the two layers, the water balance equation for
the root zone layer is written as

(5)

where L is the depth of the root zone layer; C is a pseudo-dif-
fusivity coefficient which depends on the soil properties; is
the moisture content of the root zone layer; is the moisture
content of the surface layer.
We define T, equal to L/C, as the characteristic time length

associated with a specific amount of root zone soil moisture
change. Substituting T for L/C in (5) and integrating, the root
zone soil moisture content can be written as

(6)

Assuming that is a linear function of , and re-
placing the integral in (6) with a discrete summation, Verstraeten
et al. [32] define the time-dependent soil moisture saturation
index for a 1-m profile, SMSI(t), as

(7)

The root zone SMC time series can be formulated as

(8)

where is the root zone SMC at time t; and
are respectively the maximum and the minimum

of the SMSI time series; and are respectively the
maximum and the minimum SMC at the measuring depth. For
the and estimations, they can either be calculated
respectively from the mean of field capacity and saturation
value and the mean of wilting point and residual soil value, or
be acquired from a time series soil moisture measurement data
in this study.

B. Accuracy Evaluation

Three indexes were used to evaluate the accuracy, precision
and predictive ability of the ATI-MODIS approach, the Pearson
correlation coefficient (R), Root Mean Square Error (RMSE),
and the Nash-Sutcliffe efficiency coefficient (E). The latter has
mainly been used to assess the predictive power of hydrological
models and is defined as

(9)

where and are respectively the observed SMC, which is
the in situ measurement, and the predicted SMC, which is de-
rived from the ATI-MODIS approach, at the data point;
is the averages of and n is the total number of points. The
value of E ranges between 1.0 (perfect fit) and . When E is
negative, it indicates that the observed time series would have
been a better predictor than the model.

III. DATA AND IMAGES

A. Ground Stations

The study area, the Mae Sa catchment in the Chiang Mai
Province, northern Thailand, is located at
and with a total area of about 285 . Ac-
cording to the Thailand Meteorological Development Bureau
(http://www.tmd.go.th/en/climate.php?FileID=4), the annual
rainfall of northern Thailand in 2009 is 1190.3 mm. The rainy
season usually begins fromMay and lasts until October, and the
dry season is from November to April. Evergreen broadleaf,
dipterocarp and some evergreen pine forests occupy the hill
areas while rice paddies and fruit plantations are located in
the alluvial plains [45]. In situ measurements of eight ground
stations in the catchment are used (Table I). These include
three micro-meteorological stations (Site No. 421, 429, and
433); three sites with both rain gauge and soil moisture probes
installed (Site No. 423, 425 and 428); one site with only soil
moisture probes installed (Site No. 426); and one site with only
rain gauge installed (Site No. 427). Because Site 426 and Site
427 are located close to each other, the SMC from Site 426 and
the precipitation measurement from Site 427 are combined as
one dataset in the subsequent analyses and indicated as Site 426
in this study. The three micro-meteorological stations acquire
surface meteorological and hydrological parameters, including
rainfall, air temperature, relative humidity, pressure, wind
speed, wind direction, net radiation, soil heat flux, and SMC.
For all the sites with SMC measured, data are available at three
depths of 10 cm, 100 cm and 200 cm. All the measurements are
taken at a 20-minute interval, and the daily averages are used
as ground truth for analysis.

B. Images

After considering the spatial and temporal resolutions, spec-
trum information, and stability of data acquisition (e.g., rou-
tinely receiving and producing data products), we used MODIS
data to provide necessary solar broadband albedo and diurnal
temperature variation input data for (2). Depending on the spec-
tral band, the spatial resolution at nadir is 250 m, 500 m, or 1000
m. Data of the TerraMODIS derivative land products from 2005
to 2008 were acquired from the Land Processes Distributed Ac-
tive Archive Center (LPDAAC) at the U.S. Geological Survey
Center for Earth Resources Observation and Science. Three sur-
face parameters, including daytime land surface temperature,
nighttime land surface temperatures, and total visible albedo
were obtained from the Terra MODIS Land Surface Tempera-
ture & Emissivity 8-Day L3Global 1 km (MOD11A2) and Band
1–7 Surface Reflectance 8-Day L3 Global 500 m (MOD09A1)
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TABLE I
LOCATIONS, LAND COVER TYPES AND EQUIPMENT INSTALLED AT THE GROUND STATIONS IN THE STUDY AREA

Fig. 1. Land cover map of the Mae Sa catchment digitized from the 2006 Quick Bird imagery with the 1 kmMODIS grids overlaid and the ground stations labeled.

products. Although the 8-day composite images were used in
this study, date of observation for every pixel was recorded in
the MOD11A2 and MOD09A1 files. Therefore, the SMC re-
trieved from the MODIS images can be compared with daily
average of the ground truth measurements of the same date.
As in many other tropical mountainous areas, rapid land use/

cover change in the hilly terrain has resulted in fragmented land
use patterns in the Mae Sa catchment. A high resolution 60
cm QuickBird Standard Pansharpened Natural Color imagery
in 2006 was used to derive a detailed land cover map to ex-
amine the potential MODIS mixed pixel issue on the retrieved
SMC values. The land cover map of Mae Sa digitized from the
QuickBird imagery included eight classifications: urban, road,
forest, crop field, fallow field, fruit plantation, greenhouse, and
water body (Fig. 1). Forest was the dominant land cover type in
the catchment, occupying approximately 80% of the area. Cul-
tivated and fallow fields were found along the river valleys and
hillslopes.

IV. RESULTS AND DISCUSSION

A. Comparison of the Root Zone SMC Derived From the
ATI-MODIS Approach and the in Situ Measurements

1) Incorporation of Precipitation Data Into the ATI-MODIS
Estimations: The high temporal resolution of the Terra MODIS
enabled the SMC estimation at an 8-day interval, but cloudi-
ness during the May to October rainy season limited the avail-
ability of the images for analysis. As can be seen in Fig. 2(a),
ATI-MODIS SMC estimations have large gaps during the wet
season every year. From January to April, within the dry season,
the ATI-MODIS estimations corresponded well with the in situ
measurements (Fig. 2(a)). For the early dry season, however,
especially in November each year, some discrepancies between
estimated and observed SMC are seen. The lack of surface SMSI
information during the wet seasons probably affected the accu-
racy of SMC estimates at the beginning of the dry seasons.
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TABLE II
R, RMSE AND E BETWEEN THE in situ SMC MEASUREMENTS AND THE ATI-MODIS DERIVED SMC ESTIMATIONS AT THREE DEPTHS. THE CHARACTERISTIC

TIME LENGTH (T) FOR EACH SITE WAS GIVEN FOR THE BEST-FIT ESTIMATION

Fig. 2. Comparison of the in situ SMCmeasurements and the SMC estimations
from the ATI-MODIS approach for the 100 cm depth at Site 426 from the be-
ginning of 2005 to the end of 2008 for (a) without the precipitation and (b) with
the precipitation. The year in the X axis is labeled at the beginning of each year.

To reduce the influence of data discontinuity resulting from
the cloud cover images in the rainy seasons, we incorporated
precipitation as a constraint in the ATI-MODIS approach. The
precipitation constraints could provide insights into whether the
cloudy days have precipitation and hence the root zone soil
moisture is almost in saturation, or they only have persistent
cloud cover without precipitation. Such information is needed
for root zone SMC estimations because even when cloud free
images became available at the beginning of the dry season, we
would still require prior surface soil moisture information be-
fore the image was taken (i.e., for (6)).
The precipitation constraint was determined when all the

seven sites in the study area recorded precipitation, assuming
that the surface soils of that day could be considered as saturated
in the ATI algorithm.We noted that when the daily precipitation
recorded at the Chiang Mai station of the Thai Meteorological
Department reached 5% of the highest daily rainfall in a year,
all the seven sites in the study area also recorded precipita-
tion, which was approximately 40 mm per 24 hour over the
catchment (derived from the in situ measurements from 2005

to 2008). Therefore, on days with precipitation reached the 5%
threshold, the surface SMSI of that day could be considered as
saturated, and the SMSI would then be set equal to one in the
ATI algorithm.
Fig. 2(b) shows the improved SMC estimations from the

MODIS images with precipitation constraints in the ATI
algorithm. The correlation coefficient between the in situ
measurements and the ATI-MODIS estimations at Site 426
increased from 0.77 without the precipitation constraint to 0.87
with the precipitation constraint. Incorporating the precipitation
constraints into the ATI algorithm not only filled in data gaps,
but also improved the accuracy of root zone SMC estimation,
particularly at the beginning of the dry seasons. Thus, precipi-
tation data were incorporated into all the SMC estimations with
the ATI-MODIS approach for the subsequent analyses unless
otherwise specified.
2) Validation of the ATI-MODIS Derived SMC at Three

Depths: An assumption of the ATI-MODIS approach is that
the characteristic time length (T) represents the time neces-
sary for water to move vertically from the top soil layer to
the root zone layer. For the EUROFLUX forest sites, the T
value for retrieving the SMC at the depth of 100 cm was
suggested to be equal to 60 days [32]. In this study, the optimal
T values at 10 cm, 100 cm and 200 cm depths at each experi-
mental site were determined with an interval of 10 days (i.e.,

) by obtaining the best fit between the in
situ SMC measurements and the ATI-MODIS derived SMC
estimations. The optimal T values ranged between 10 and 30
for the top soil layer at the depth of 10 cm, varied from 30 to
60 days for the depth of 100 cm, and between 40 and 70 days
for the 200 cm depth. The mean T values for 10 cm, 100 cm
and 200 cm were, respectively, 20, 40 and 60 days (Table II)
for the Mae Sa catchment. The larger the T value, the longer
the period of surface moisture information needed to estimate
the root zone SMC.
The results of tests to validate ATI-MODIS-derived SMC es-

timates are shown in Table II. The observation sites had SMC
measurements from 2005 to 2008 for validation, except for Site
421, for which data were collected from 2005 to 2007, and Site
433 that had measurements only between 2005 and 2006. In
terms of the mean values of the seven sites, the average E values
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TABLE III
PERCENT VALUES OF THE LAND COVER TYPES DIGITIZED FROM THE QUICKBIRD IMAGERY FOR EACH OF THE SEVEN 1 KM MODIS GRIDS WHERE THE SITES

WITH in situ SMC MEASUREMENTS ARE LOCATED. THE PERCENT VALUES ARE ROUNDED UP TO INTEGERS

were 0.57, 0.537, and 0.492, respectively, for the SMC estima-
tions at 10 cm, 100 cm, and 200 cm, showing a decreased pre-
dictive power from the surface root zone layer to the deep root
zone layer for the ATI-MODIS approach. The averaged R values
for the 100 cm and 200 cm depths, both 0.84, are higher than
that of the 10 cm depth (0.80). The 10 cm estimations had the
highest average RMSE, 0.055 , while the 100 cm esti-
mations had the lowest RMSE at 0.025 . Evaluating the
ATI-MODIS derived SMC estimations at the three depths using
these validation statistics thus suggested that the ATI-MODIS
approach performed the best for the root zone SMC estimation
at the 100 cm depth.
3) Evaluation of Possible Mixed Pixel Effects on the ATI-

MODIS Estimations: The land use/cover patterns on the hill-
slopes of a tropical mountainous catchment are often patchy and
fragmented. The coarseMODIS 1 km resolution data, therefore,
have the problem of spectral mixing, i.e., a given 1-km MODIS
pixel is likely to contain more than one land use/cover type. To
evaluate the extent to which the mixed pixel affects the root
zone SMC estimations from the ATI-MODIS approach, a de-
tailed land cover map for the Mae Sa catchment was derived
from the high resolution 60 cm QuickBird imagery (Fig. 1).
Table III shows the percentages of the land cover types within
the 1-km MODIS grid for each of the seven sites. Although the
forest cover dominated all the seven sites ranging from 45% at
Site 421 to 95% at Site 428, most of the sites were more or less
mixed with other land cover types, such as crop field, fruit plan-
tation, and fallow field, within the 1-kmMODIS grid (Table III).
Site 426 and site 428, both with soil moisture probes installed

under forest (cf. Table I), were compared for the evaluation of
the mixed pixel effects. According to the QuickBird imagery,
the land cover in the area surrounding Site 428 was dominated
by forests (95%) with a very small portion of fallow fields
(3%). Conversely, the land cover composition of Site 426 was
a mixture of forests (57%), fruit plantations (20%), fallow
fields (18%), and croplands (4%). The homogeneity of the
nearly 100% forested pixel for Site 428 probably accounted
for its low RMSE value of 0.031, lowest of all the sites, for
the 10-cm depth SMC estimates. However, the RMSE for the
mixed pixel of Site 426 was only slightly higher (0.038), the
second lowest among the seven sites (Table II). For the root
zone SMC estimations at 100 cm and 200 cm depths, the mixed
land cover of Site 426 did not seem to affect the performance

of the ATI-MODIS approach, with the RMSE for those two
depths both better than those of Site 428 (Table II).
On the other hand, high RMSE values at the three depths were

observed for Site 421 and Site 433, for which, the land cover
types were also mixed within their MODIS pixels. The poor ac-
curacy at these two sites might be attributed to two main causes.
First, both sites had relatively short-term in situ measurements
compared with the other five sites. As opposed to having four
years of data from 2005 to 2008 for validation, Site 421 and Site
433 had three and two years of in situ SMC measurements, re-
spectively. Second, the in situ measurements at both sites are
made under non-forest cover. The soil moisture probes at Site
421 were installed under crop field while those at Site 433 were
installed under fruit plantation. Agricultural activities, such as
irrigation, might have affected their SMC. In addition, the con-
struction of a new pond by the villagers nearby the installed
equipment at Site 433 might have modified the microclimate of
the site condition, further influencing the SMC estimations with
the ATI-MODIS approach. These factors might explain the high
RMSEs for Site 433 at 10 cm and 100 cm depths compared with
the other sites.

B. Possible Factors Responsible for the Variation of Root
Zone SMC in Mae Sa

Insights into the SMC variability over different land cover
types are important for understanding hydrological and ecolog-
ical processes. Vegetation cover and topography exert strong
control over the variability of the root zone SMC [10]; while
changes in vegetation type also affect the SMC through the al-
teration of land surface energy and soil pore spaces [46]. In the
Mae Sa catchment, SMC variation had a larger amplitude in the
top soil layer than in the deeper root zone layers for all the seven
sites of various land cover types (Fig. 3(a)–(b)). Comparing land
cover types, the 200 cm SMC exhibited smaller fluctuations
under the forest cover for Sites 425, 426, and 429 than under
the agricultural land cover types such as the crop field for Site
421 and the fruit plantation for Site 433. Within the four forest
sites (i.e., Sites 425, 426, 428, and 429), Site 428 had the largest
SMC variation at the 200 cm depth, a fluctuation of more than
0.1 over a year, as opposed to fluctuations of less than
0.1 for the other three sites. The scatter plot of the in
situ measurements against the ATI-MODIS estimations for the
200 cm depth also shows that Site 428 had the largest variation
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Fig. 3(a). The relationship between the in situ SMC measurements and the ATI-MODIS retrieved SMC estimations for 10 cm, 100 cm, and 200 cm depths at Site
421, Site 423, Site 425, and Site 426.

compared with other sites (Fig. 3(b)). An examination of site
condition of Site 428 showed that it was located at a valley, and
hence topography might be influenced on its SMC variation.
To minimize the topographic effect on SMC variation, sites

with similar topographic positions and soil characteristics were
further compared so as to assess the variability of SMC at dif-
ferent depths under different land cover types. Site 421 (agri-

culture) and Site 425 (forest) were selected because their topo-
graphic positions were both located at the hilltops. Besides, both
sites were of the same soil group without soil profile develop-
ment [47]. At the depth of 10 cm, the amount and the temporal
dynamic of SMC for the two sites was similar. For the depths of
100 cm and 200 cm, however, differences between the two sites
became apparent. The 100-cm SMC was lower during the dry
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Fig. 3(b). The relationship between the in situ SMC measurements and the
ATI-MODIS retrieved SMC estimations for 10 cm, 100 cm, and 200 cm depths
at Site 428, Site 429, and Site 433.

seasons for the forest site (i.e., Site 425) at approximately 0.25
than the agriculture site (i.e., Site 421) at approximately

0.3 . In addition, the 200 cm SMCwas more stable at the
forest site than the agriculture site (Fig. 3(a)). The differences
in root zone SMC between the two sites were probably due to
the higher rate of evapotranspiration for forest and the use of
irrigation at the agricultural site during the dry seasons. Hence,
differences in land cover contributed to spatial variability of root
zone SMC.
The scatter plots in Fig. 3(b) suggest that the ATI-MODIS

approach underestimated the SMC values for all the three depths
at Site 433, and for the 100 cm and the 200 cm depths at Site
428. This was probably due to a site condition change at Site 433
and the topographic effect at Site 428 previously discussed. For
the other five sites of different land cover types, the scatter plots
showed good positive correlations with most of the data points
falling near the 1:1 line, suggesting the usefulness of the ATI-
MODIS approach in retrieving SMC of various land cover types
in this tropical mountainous catchment. This allows long-term
monitoring of SMC using the ATI-MODIS approach, which in
turn will contribute to water resource management of tropical
catchments.

V. CONCLUSIONS

The study adopted the ATI soil moisture algorithm from
[32] in conjunction with the MODIS imagery to estimate the
root zone SMC in tropical environments. The parameters used
in the proposed ATI-MODIS approach included daytime and
nighttime surface temperatures and total visible albedo from
the Terra MODIS land products, and precipitation, soil texture,
and the minimum and maximum SMC measurements from the
ground stations. The MODIS images in the Mae Sa catchment
of northern Thailand from 2005 to 2008 were used to estimate
the root zone SMC at the three depths of 10 cm, 100 cm, and
200 cm. The retrieved SMC estimations from the ATI-MODIS
approach were validated with the in situ measurements from
seven ground stations using the Pearson correlation coefficient,
the RMSE, and the Nash-Sutcliffe efficiency coefficient.
Comparison of the retrieved SMC with the in situ mea-

surements at the three root zone depths showed that most of
the Pearson correlation coefficients were above 0.75, with the
highest R values at 0.88. The Nash-Sutcliffe efficiency coeffi-
cients varied between 0.163 and 0.764 and the RMSE varied
between 0.010 and 0.075. When the average values of the
seven sites were considered to evaluate the effectiveness of the
ATI-MODIS approach, the method performed the best for the
SMC estimation at the 100 cm root zone depth. Examination of
the potential effects of the mixed land cover types within the 1
km MODIS pixel suggested that the ATI-MODIS estimations
were not influenced by the mixed pixel effects in forest dom-
inated sites. The mixed agricultural land covers at two of the
seven sites, however, might have accounted for the local SMC
change due to irrigation water use. The study demonstrated
the usefulness of using ATI-MODIS approach in root zone
SMC estimation for a tropical mountainous catchment. The
spatial and temporal resolutions and the spectrum information
of the MODIS imagery enable large area SMC monitoring,
thereby contributing to the understanding of hydrological and
ecological processes in the tropics.
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